Because of its high incidence and potential threat to social cohesion, youth unemployment is a global concern. This study uses a randomized controlled trial to analyze the effectiveness of a demand-driven vocational training program for disadvantaged youth in Mongolia. Mongolia, a transitional country whose economic structure shifted from a communist, centrally planned economy to a free-market economy over a relatively short period, offers a new setting in which to test the effectiveness of standard active labor market policies. This study reports positive and statistically significant short-term effects of vocational training on monthly earnings, skills matching, and self-employment. Substantial heterogeneity emerges as relatively older, richer, and better-educated individuals drive these positive effects. A second intervention that randomly assigns participants to receive repetitive weekly newsletters with information on market returns to vocational training shows positive impacts on the length of exposure to and successful completion of the program. These positive effects, however, are only observed at the intensive margin and do not lead to higher employment or earnings outcomes.
I. Introduction
Youth unemployment is an ubiquitous problem in most developed and developing countries. Over seventy-three million youth aged 15-24 are unemployed worldwide, and around 20 percent of the world's youth are neither employed nor enrolled in an education or training program (ILO, 2017) . The labor-market conditions of disadvantaged youth are even more dramatic because they disproportionately lack skills and access to decent jobs that could lift them out of poverty (ILO, 2015) . In Mongolia, the setting of our study, youth unemployment reached 23 percent in 2017, while the share of young individuals who were neither employed nor enrolled in an education or training program topped 25 percent (Shatz et al., 2015) . Such a situation entails a massive waste of economic resources and is a threat to social cohesion.
In this paper, we assess the effectiveness of an Active Labor Market Program (ALMP) that targets poor and unemployed youth in Ulaanbaatar, the capital of Mongolia. The aim of the program is to improve the overall employability of young participants through a combination of in-class vocational skills training and on-the-job training. Although vocational skills training is the most widely used ALMP for disadvantaged youth worldwide (Betcherman et al., 2007) , there is no evidence regarding its effectiveness in central Asia.
The most recent meta-analyses (Card et al., 2018 and Kluve et al., 2019) reveal this important gap in the literature.
The large body of evidence presented and discussed in recent systematic reviews of ALMPs (e.g., Kluve et al., 2019) , makes clear that contextual reality matters in measuring the magnitude and statistical relevance of labor-market outcomes. Mongolia is a new setting for an assessment of ALMPs because it is a "transitional country"-that is, one whose labor market was rapidly transformed from a centrally planned to a free-market economy. In fact, Mongolia's economy shifted from a centralized, communist system, in which youth unemployment was officially very low or nonexistent, to a free-market economy with one of the highest rates of youth unemployment in the world. Assessing whether vocational-skills training would foster employment and wage growth for young, vulnerable, and unemployed individuals in such an environment is relevant to policy.
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The Mongolian vocational skills-training program is a so-called "demand-driven" ALMP, which combines in-class training in selected vocational skills with on-the-job training in the form of paid internships (see, e.g., Galdo, Jaramillo and Montalva, 2008 and Rosas, 2009 ). In the mid-nineties, following structural economic reforms similar to those seen in Mongolia, demand-driven programs became widely used in several Latin American countries, and assessments of their effectiveness showed positive effects on employment and earnings, particularly for disadvantaged women (Betcherman et al., 2007) . Under this approach, private institutions offer training courses in occupations in which labor demand exists. Whether such a market-based training scheme would work in a transitional economy such as Mongolia's remains an important question.
From a methodological standpoint, we implemented a market-based program design following a standard randomized-control-trial (RCT) approach, which allowed us to identify, under weak conditions, causal treatment effects on employment and earnings. In fact, this is the first ALMP in central Asia to employ an experimental counterfactual design.
Although RCTs have long been used in the U.S. in programs such as the National Supported Work Demonstration and the Job Training Partnership Act, experimental evidence from developing countries remains limited, although studies in the past decade have increased, particularly in Latin America and Africa. 1
One important source of variation in the magnitude of treatment effects for training programs is lack of compliance with the treatment design (Heckman et al., 2000) .
Disadvantaged individuals are commonly unable to complete training programs because of personal or institutional barriers or because they lack information/knowledge regarding the returns to training. No matter the specific source of this empirical regularity, the effectiveness of training programs depends upon the length of exposure to the intervention as shown in Galdo et al. (2012) and Choe, Flores-Lagunes, and Lee (2015) . This finding points toward policy choices that would increase training exposure for potential dropouts.
Because lack of knowledge about market returns to training in a setting in transition from Communism to a market-based economy could lead participants to make uninformed choices, we used a second randomization design within the group of participants to distribute, on a random basis, personalized weekly newsletters with information about the returns to vocational training in Mongolia. While the importance of providing information about market returns has been shown to be effective in other developing settings such as school classrooms (Jensen, 2010) , to the best of our knowledge it has not been tested as a policy design in the context of an ALMP in a developing or transitional country.
Our results show positive and statistically significant short-term wage gains for the average participant. These wage gains hold one year after the training. We also observe positive and statistically significant effects in self-employment and skills matching along with small but not significant effects for salary work. Important heterogeneities in the results emerge as relatively older, more educated and less poor individuals benefit more from this intervention. Unlike recent training interventions in developed Weber, 2010 and Card et al., 2018) and developing settings (Attanasio, Kugler and Meghir, 2011; Alzúa, Cruces and Lopez, 2016, Díaz and Rosas, 2016) , we find no differential treatment effects by gender. Finally, provision of weekly newsletters to trainees with information on market returns for vocational training in Mongolia led to significant gains in the length of exposure to the program and lower dropout rates. These positive results do not, however, translate into higher employment or earnings.
This paper is organized as follows. Section 2 describes briefly the Mongolian labor market, while section 3 provides details about the training design institutions. Section 4 develops the evaluation experimental design as section 5 discusses the data and baseline covariate distribution for treatment groups. Section 6 presents the results while section 7 provides some concluding remarks.
II. Institutional Setting
Mongolia is a small, transitional country with a population of slightly above three million. It is a landlocked area located between Russia and China ( Figure 1 Prospective trainees aged 15-30 were assessed at their local district office. After completing a short baseline questionnaire, each applicant was screened for eligibility by an administrative officer. All suitable applicants were sent to a district labor office in which each applicant, alongside a labor officer, chose chooses her preferred vocational-skills course in a given institution on a first-come-first-served basis. To secure participation, eligible individuals signed an agreement with the corresponding labor office. Up until the Spring of 2013, participants were required to sign a "trilateral" contract that involved an EPSC district officer, a MED officer, and the beneficiary. Thus, it was solely the responsibility of training institutions to obtain internships for trainees. Subsequently, the EPSC changed to a "quadrilateral" agreement that added prospective employers as a fourth signatory. In practice, this meant that both trainees and training centers were, by agreement, equally in charge of securing internships. As Section 5 shows, this institutional change created an important slowdown in registration and enrollment, which in turn affected no-shows.
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IV. Evaluation Design
The RCT design was implemented during registration by allocating eligible trainees randomly to treatment and control groups. Registration took place between August 26 th and November 22 th , 2013. Each day during that period, the flow of eligible applicants was randomly assigned to either the treatment or control groups based on a 2:1 rule. As a result, the treatment group was made up of 774 trainees (65.2 percent), and 414 (34.8 percent) were assigned to the control group for a total of 1,188 participants. 2
Individuals in the treatment group were distributed across 141 courses at 47 seven training centers. Class size varied highly across training courses and ranged from three to 30 participants. The average number of MED-funded students was 9.6 per class. Actual class sizes may have been slightly larger, however, because training institutions were entitled to recruit privately funded students if maximum class size was not reached. Though this happened occasionally, the significance was marginal and most courses maintained small class sizes.
We incorporated a second, independent random allocation scheme as part of the evaluation design to evaluate whether providing information to trainees about market returns to training affected participation and length of exposure to the program.
Administrative data showed that dropout rates were particularly high for the Mongolian VTP. Because there is no evidence regarding the labor-market effects of this ALMP, it could be argued that the average participant might not be fully aware of the labor-market benefits of completing this training initiative. This information constraint is even more important in the context of Mongolia's very rapid transition from a state-controlled to a market-based economy. Inspired by Jensen (2010), we added an information feature to our evaluation framework that consisted of randomly assigning participants to receive weekly newsletters that contained information on market returns to vocational training.
In the context of formal schooling in the Dominican Republic, Jensen (2010) showed that students tended to underestimate the returns to formal schooling. When they were 8 correctly informed, however, both enrollment in the subsequent year and the average length of formal schooling increased. In the context of vocational training programs, Galdo et al. (2012) and Choe, Flores-Lagunes, and Lee (2015) showed for Peru and South Korea, respectively, that failure of participants to complete training programs negatively affects the returns to training.
We thus randomly assigned weekly newsletters to training-program participants.
This allocation of newsletters was implemented at the class level, rather than at an individual level, to prevent spillover effects. The treatment itself consisted of the delivery of weekly newsletters, with comparative information about labor market outcomes of skilled and unskilled workers in Mongolia, to each student in selected classes. The newsletters clearly stated market wages for occupations in sectors that were similar to those of the trainees and compared wages for jobs filled by unskilled workers. Appendix Table 1A shows a typical newsletter submitted to students. We randomly assigned 101 classes to the treatment newsletter group and 40 classes to the control group.
V. Data, Balancing Tests, and Take-Up Assessment
Our empirical framework is based on individual-level survey data, including a baseline collected in the fall of 2013 and two follow-up surveys administered six and twelve months after training. Figure For the newsletter-treatment group, on the other hand, the right panel in Table 1 shows that the p-values for most variables do not reject the equality of means between experimentally determined treatment groups. We reject this equality with regard to a few variables, however-mainly those related to chosen vocations. This is expected because random allocation of VTP participants to the newsletter-treatment group occurred at the course rather than at the individual level.
Because administrative data revealed lack of full compliance with the treatment, it was important to assess the determinants of take-up of the VTP in order to understand potential implications for the assessment of treatment effects. Out of the 766 applicants randomly assigned to receive vocational-skills training, 327 (42 percent) did not show up for training. Appendix Table 4A gives detailed information on enrollment numbers. Selfreported survey information indicated that, among those who did not receive the treatment, 35 percent cited family and personal commitments (e.g., household chores or pregnancy), 30 percent had started a new job right after enrollment, and 31 percent said they were not able to comply with the requirements (i.e., trilateral vs. quadrilateral) of the VTP contract.
From a policy standpoint, then, empirical assessment of the determinants of take-up becomes essential in order to gain insight both into the operation of the program (e.g., targeting, eligibility rules, institutional requirements) and into the identification and estimation of the parameters of interest. Table 2 shows the results from linear probability models in which the dependent variable takes the value of 1 for those treatment-group individuals who received the treatment and 0 for those who did not. We used a rich set of independent baseline covariates, including standard sociodemographic and labor-market variables, prior labormarket outcomes, VTP institutional variables, and self-reported expectations regarding training and performance in the labor market. Our results indicate that a handful of sociodemographic variables were statistically correlated with take-up decisions. On average, gender, household wealth, age, and formal schooling were important to take-up rates because women and individuals who were wealthier, older, and better-educated were more likely to participate in the program relative to men, poorer, younger, and less welleducated individuals. Importantly, we found no meaningful statistical relationship between take-up and labor-market variables at baseline. This pattern ran counter to observations in other labor market programs in which variables related to labor markets emerged as the main determinants of take-up.
Moreover, institutional variables related to the operation of the Mongolian VTP emerge as important take-up predictors. Individuals who are required to present quadrilateral contracts, for example, were fifty-four percentage points less likely to take-up the treatment relative to individuals asked to present trilateral contracts. This institutional requirement constituted a critical barrier for take-up. Likewise, the likelihood of attending the training is statistically related to the vocational-skills courses chosen. Individuals who initially selected courses related to hairdressing and craftsmanship are less likely to attend training (-20 percentage points), while individuals who selected mechanical-and machineryrelated courses are more likely to participate (+18 percentage points).
Table 2 also shows that take-up decisions were associated with self-reported expectations regarding training, labor-markets, and the role of government in facilitating jobs for youth. Individuals who felt optimistic about getting a job or those who believed that the government should play a major role in helping youth find jobs took up the treatment disproportionately. On the other hand, individuals who self-report a high probability of getting a job in the next months or individuals who believe that getting a job is primarily a personal responsibility are less likely to take-up the treatment.
Overall, as shown by the p-values of joint significance at the bottom of Table 2 , sociodemographic and institutional variables (contractual agreements) are the most important predictors of take-up rates, while prior labor market outcomes are not statistically associated to take-up decisions.
VI. Empirical Framework and Findings
As a result of the lack of compliance with the random allocation to treatment, we follow the standard approach described in the literature and considered the estimation of two parameters of interest: intent-to-treat (ITT) and effective treatment-on-the-treated (TOT). The estimate of the intent-to-treat parameter is based on a standard, multivariate linear regression function of the form:
(1)
where is the outcome of interest for individual , is the treatment indicator (1 for those offered treatment and 0 otherwise). are individual-and household-level baseline control variables, and is the error term 4 . Because we have as many experimental groups as the number of days the random allocation lasted, Equation 1 also includes fixed-effects by day of random assignment, τi.
The effective treatment-on-the-treated (TOT) parameter, on the other hand, is estimated by 2SLS estimator following an instrumental variable approach in which actual participation in the training program (T) is instrumented by treatment status (Z):
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(2)
Appendix Table 5A shows the first-stage estimation results. The coefficient associated with the instrumental variable Z is statistically significant at the 1% level, and the resulting F-statistic is 24, which indicates the relevance and strength of the instrument. Short-term effects are presented in Table 3 . The point estimates make clear that the average gain of offering the training is positive and statistically significant for monthly earnings, skills matching, and self-employment. The magnitude of the effects for monthly earnings is relatively large (as high as 23%) from a mean of the control group of approximately $100 USD. In addition, we found statistically significant effects equivalent to six percentage points for the skills-matching outcome, indicating that the vocational skills of participants are better aligned to occupations with respect to those of individuals in the control group.
We additionally observe statistically significant effects on self-employment equal to 3.5 percentage points. Self-employment double among VTP participants relative to nonparticipants, although its incidence remained very low in comparison to what is commonly observed in other developing countries. Finally, we observe positive (5.5 percentage points) but imprecisely measured ITT effects for the employment variable. Regarding TOT estimates in the second row, the magnitude of the effect increases as expected: monthly earnings for those who received the treatment increases in more than 50 percent relative to the mean of the control group, while the average gain for skills matching and selfemployment reaches 14 and 8 percentage points. The employment variable shows a sizable mean impact of 12 percentage points, although it is imprecisely measured.
The lower panel in Table 3 shows mean effects twelve months after completion of 13 training. For monthly earnings and self-employment, the point estimates for both ITT and TOT parameters quite in line with short-term findings, and positive and statistically significant effects emerge. Likewise, we observe positive gains for the employment outcome but lack statistical precision. On the other hand, the effects on skills matching dissipates and become statistically not significant one year later. This result indicates that, in the medium-term, the training initiative fell short of achieving one of its promises: matching occupations and vocational skills for youth.
Heterogeneous Effects
To account for the heterogeneity of effects across subgroups of participants, we follow the same estimation framework for ITT and TOT parameters given in Equations 1 and 2 after interacting the treatment status variable with the covariates of interest: gender (men vs. women), age (15-21 vs. 22-30), poverty status (poorest vs. less poor), and educational attainment (less than high school vs. high school or tertiary education). These policy variables, commonly used in the assessment of vocational training programs worldwide, are related to the efficiency of the targeting approach. As before, we use the same four outcomes of interest at six (Table 4A ) and twelve months (Table 4B ) after the intervention.
The results highlight the large heterogeneity of vocational-training effects across demographic groups. Table 4A reports that individuals aged 21, normally the demographic group at the highest risk of unemployment, benefit least from the program six months after treatment. According to TOT point estimates at six months after training, the likelihood of employment, self-employment, and skills matching is, respectively, 27, 17, and 17 percentage points lower for the youngest group relative to the 22-30-year-old cohort.
Twelve months after the intervention, however, these differences are no longer statistically significant. This suggests a rapid deterioration of VTP effects over time for all age groups rather than an improvement in labor market outcomes for the youngest vs. the older cohorts. Consistent (negative) differential effects for monthly earnings also emerged for the youngest group six months after the intervention; at twelve months, the point estimates become significant only at the 10% level. Because lack of compliance with the requirements 14 of demand-driven design (e.g., firms' internships contracts) was disproportionately higher among participants younger than 22, these results seem to suggest that a different approach to targeting and efficiency may be needed for this cohort. Interestingly, the second panel of Tables 4A and 4B show that men and women benefit equally across all outcomes of interest. This important result is contrary to what has been observed in similar demand-driven approaches in other countries, particularly in Latin America, as shown by Attanasio, Kugler and Meghir (2011) (2016) for Perú. All these studies showed that young women benefited more from this type of vocational training initiatives than did young men.
While the Mongolian VTP was originally designed to target youth from poor households, Tables 4A and 4B also show that people in the bottom quartile of the household asset index benefit less from the program. In comparing those at the bottom of the poverty index to those at the middle and upper end of the distribution, the TOT parameters show statistically significant differential coefficients for employment (-37 percentage points), skills matching (-23 percentage points), and self-employment (-17 percentage points). These sizable differences in treatment effects hold 12 months later, although the employment and skills-matching outcomes lack statistical significance.
Monthly earnings for the poorest among the poor, on the other hand, show negative differential effects at six and twelve months after the intervention, although these effects are measured with statistical precision only at the twelve-month period.
Finally, sizable heterogeneous effects emerge on the basis of participants' formal level of schooling. Individuals with less than a high-school education and those who had completed high school show negative differential effects in comparison to participants with tertiary or some college education. These differences are monotonic with respect to education level. In particular, the magnitude of these differential effects is striking for those at the bottom of the schooling ladder and for two outcomes of interest: employment and monthly earnings. The TOT point estimates at six and twelve months after the intervention show the likelihood of employment is 74 percentage points lower for individuals with the least amount of formal schooling in comparison to those at the upper end of the schooling distribution. For monthly earnings, the sizable negative magnitude of the coefficients holds over time.
Effect by Field of Training
Knowing whether mean effects vary according to field of study could be important for policy because it may signal the importance of providing training participants with training in certain fields rather than in others. Table 5 provides intent-to-treat point estimates according to field of study. Rather than consider only one treatment indicator, we included multiple treatment variables in Equation 1 according to field of study. Each of these treatment indicators takes the value of 1 if it refers to the specific "X" field of study and is 0 otherwise. We considered the following categories: mechanical/machinery, hairdressing and beauty services, craftsmanship, agriculture and gardening, cooking and baking, and other services, which together accounted for 90 percent of training courses.
These point estimates should be taken as merely indicative and assessed with caution, however, because sorting or self-selection of trainees into specific fields of study may be driven by unobserved factors (e.g., personal traits) which are, in turn, correlated with the outcomes of interest in Equation 1.
Our results indicate impact heterogeneity for the Mongolian VTP according to chosen field of study in the short run, although most of the parameters lack statistical significance. "Mechanical/machinery" and "hairdressing and beauty services" show positive and significant effects, with the latter showing the largest effects across all outcomes of interest six months after the intervention. Consistently, the p-values of the F-test for the equality of parameters of interest across all fields of study are lower than 0.10 for three out of four outcomes of interest in the short run. These heterogeneous differences by field of study tend to dissipate across all fields of study at twelve months following treatment, however. Still, we observe that "hairdressing and beauty services" is the only field of study that shows positive and significant mean gains for the self-employment outcome twelve months after the intervention, while "agriculture and gardening" and "craftsmanship" show negative differential effects for earnings and self-employment outcomes.
All in all, there is some weak but suggestive evidence that indicates impact heterogeneity according to chosen field of study. These differences are observed mainly in the short run for particular fields of study and dissipated one year after treatment.
Newsletter Treatment
Participants The upper panel of Table 6 shows the results at the extensive margin. All variables show the expected signs although none of them is measured with statistical precision. In terms of magnitude of effects, some variables such as "received VTP qualification" (16 percentage points) and "received VTP vocational qualification" show sizable effects, although they lack statistical significance. At the intensive margin, however, the lower panel shows statistically significant effects for all outcomes of interest. On average, each additional newsletter is associated with 2.3 additional days of attendance, a higher probability of completing the course (6.9 percentage points), a higher probability of passing the qualification exam (8.5 percentage points), a higher probability of receiving a formal graduation certificate (5 percentage points), and a lower probability of dropping out (-7.7 percentage points). These results suggest that repetition of the message matters, a finding that is in line with the relatively recent stream of literature in development economics that provides analysis and insight regarding RCT interventions that use repetitive SMS messages to improve economic outcomes (e.g., health practices) in developing settings (e.g., Chong, 2011) .
Unlike the impact of vocational training, which was of benefit to relatively better-off young participants, the newsletter-related intervention show no statistical differences in average gains across demographic groups. A related policy question is whether the combination of vocational training with the distribution of targeted information about market returns to training leads to higher wages and employment. To test this idea, we add an interaction term between the VTP treatment status in Equation 1 with the newsletter treatment. Table 8 shows the point estimates for the interaction terms along with standard errors. We do not observe statistically meaningful results because the estimated coefficients for the interaction terms are imprecisely measured across all outcomes of interest at six and twelve months after the intervention.
Thus, although the newsletter treatment is effective in extending the length of exposure to the vocational skills training program (at the intensive margin), this does not translate into an improvement in the labor market outcomes of those who received the information vs.
those who did not.
VII. Conclusion
This study analyses the effectiveness of a demand-driven vocational training program in Ulaanbaatar, the capital of Mongolia. The setting of this study is new to the literature because little is known about Mongolia's labor markets in light of its relatively recent transition from a centrally planned economy, wherein unemployment was set to zero by law, to a market economy. Like other demand-driven vocational training programs implemented since the 1990s, the Mongolian VTP aimed to counteract high levels of youth unemployment by responding to actual labor market needs through a mix of traditional classroom courses and on-the-job training (internships).
Our evaluation framework followed a randomized-control-trial approach that identified average treatment effects under weak conditions. We implemented two independent random allocation developments: the first measured the labor market effects of vocational training vs. no training at all, and the second measured the role of information about market returns to training on the length of exposure to training. To the best of our knowledge, this is the first labor-market RCT implemented in central Asia.
One striking result that emerged from this study was the low take-up rate for the intervention. Around 42% of individuals randomly assigned to training did not attend the courses. Analysis of the determinants of take-up showed that institutional constraints, notably the requirement that quadrilateral contracts be signed prior to the start of the course, as well as chosen field of study and some demographic variables (gender, education) played an important role in take-up. In particular, the quadrilateral-contract requirement, which is at the core of demand-driven approaches, seemed to be the major barrier to participation in training programs, and its role cannot be understated.
Overall, we observed positive average effects of the training intervention on monthly earnings, skills matching, and self-employment. Positive results were mainly observed in the short run, however, though statistically significant effects on monthly earnings and self-employment persisted at twelve months. As in the case of other ALMPs implemented worldwide, we also observed that not everyone benefited equally from the program, which highlights the importance of policies that concern the targeting of participants and the design of training content. In fact, substantial heterogeneous effects emerged because relatively better-off, older, and better-educated students benefitted disproportionately from the intervention. Such results indicate that the Mongolian VTP failed to help those most in need. On the other hand, and unlike most demand-driven training programs, particularly those implemented in Latin America, the Mongolian did not benefit young women more than it did young men. This result held at six and months after the intervention.
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Because length of exposure to training is related to the overall efficiency of the intervention, we randomly assigned students to receive weekly newsletters that contained information on market returns to vocational training in order to evaluate the impact of that information on variables related to the successful completion of training. In line with a new stream of literature on digital technologies (SMS messages) and economic outcomes in developing settings, which highlight the role of framing and message repetition, we found that providing information to young participants had positive impacts on the length of exposure to training and on the successful completion of training at the intensive margin.
These positive results did not, however, lead to higher earnings or employment rates. Notes:Standard errors in parenthesis and clustered standard errors by date of random assignment in brackets.
Treatment II: Information Letters Treatment I: Vocational Training (VT)
Intent-to-treat (ITT) parameters estimated by multivariate OLS models that use as control variables: gender, age, scholing, poverty index, district and place of residence (Ger), marital status, subjective job expectations related to likelihood of getting a job, ambition to succeed in labor markets, self-reliance to get a job, government responsibility to provide a job, and fixed-effects by date of random assignment. Tretment on the Treated (TOT) parameters estimated by 2SLS that instruments the treatment (T) by the randomly assigned treatment status (Z) of participants.
Medium-term impacts: 12 months later
Short-term Impacts: 6 months later Notes:Clustered standard errors by date of random assignment in brackets. Intent-to-treat (ITT) parameters estimated by multivariate OLS models that include as control variables: gender, age, scholing, houshehold assets index, districts, place of residence (Ger), marital status, and subjective expectation related to likelihood of getting a job, ambition to succeed in labor markets, self-reliance to get a job, government responsibility to provide a job, and date of random assignment.
of participants. Poor is defined as 1 for those in the bottom quantile of the household wealth assets index. This index is estimated by PCA and includes indicators for whether unit lives in a slum (Ger), unit has car, motocycle, computer at home, washing machine, vaccum cleaner, TV and refrigerator. 'Optimistic' is a dummy variable that takes the value 1 for those who at baseline answered they felt optimistic to find a job in the next six months, 0 otherwise. The base category for schooling is technical or university higher education. Notes:Clustered standard errors by date of random assignment in brackets. Intent-to-treat (ITT) parameters estimated by multivariate OLS models that include as control variables: gender, age, scholing, houshehold assets index, districts, place of residence (Ger), marital status, and subjective expectation related to likelihood of getting a job, ambition to succeed in labor markets, self-reliance to get a job, government responsibility to provide a job, and date of random assignment.
of participants. Poor is defined as 1 for those in the bottom quantile of the household wealth assets index. This index is estimated by PCA and includes indicators for whether unit lives in a slum (Ger), unit has car, motocycle, computer at home, washing machine, vaccum cleaner, TV and refrigerator. 'Optimistic' is a dummy variable that takes the value 1 for those who at baseline answered they felt optimistic to find a job in the next six months, 0 otherwise. The base category for schooling is technical or university higher education. Notes: Standard errors (in parenthesis) are clustered by the training center to which participants belong. ITT parameters estimated by multivariate marital status, unemployed status, whether unit has VT trilateral contract, subjective expectations on likelihood of getting a job, ambition to succeed in labor market, self-reliance to get a job, government responsibility to provide a job. Estimation sample covers only individuals assigned to the treatment group and who attended the VT courses. 'Poor' is defined as 1 for those in the bottom quantile of the household wealth assets index. This asset index is estimated by PCA and includes indicators for whether unit lives in a slum (Ger), unit has car, motocycle, computer at home, washing machine, vaccum cleaner, TV and refrigerator.
The base category for schooling is technical or university higher education.
OLS models that include training center fixed effects, gender, age, schooling, household wealth assets index, district and place of residence (Ger), Notes:Clustered standard errors by date of random assignment in brackets. Intent-to-treat (ITT) parameters estimated by multivariate OLS models that include as control variables: gender, age, scholing, houshehold assets index, districts, place of residence (Ger), marital status, and subjective expectation related to likelihood of getting a job, ambition to succeed in labor markets, self-reliance to get a job, government responsibility to provide a job, and date of random assignment.fixed effects. "Letters" is define as 1 for those who are randomly assigned to the treatment information group, 0 otherwise. All control units are inputted the value 0 for both "letters" and "number of letters". 
